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AbStRACt

To help alleviate poverty, Thailand created the Village and Urban 
Community Fund (Village Fund). To determine whether the  

Village Fund has been able to reach the truly poor, this paper applies a Logit 
model, using data from Thailand’s Socioeconomic Survey at the household 
level in 2009, to investigate the determinants of borrowers and whether 
being poor is significant for borrowing from the Fund. 
 Our analysis reveals that The Village Fund targets near-poor and 
moderate-income households, not the poor. The Village Fund cannot be said 
to be pro-poor. However, the program has its merits, particularly in lending 
to women and less-educated heads of households. For near-poor households, 
the most likely borrowers are farmers, especially landless farmers in rural 
areas with income slightly above the poverty line. For moderate-income 
households, the most likely borrowers also have access to other sources of 
credit. While not directly pro-poor, the Village Fund, in lending to near 
and moderate-income groups, helps them avoid falling into poverty.
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INtRoDuCtIoN
background
 Microcredit – programs that pro-
vide small loans for self-employment 
and consumption to the poor, espe-
cially women without access to formal 
financial services – is a popular tool 
for poverty alleviation in develop-
ing countries, such as Bangladesh,  
Bolivia and Indonesia. Microcred-
it grew significantly in the 1990s 
(Robinson, 2001). In 1997, the first  
Microcredit Summit took place in 
Washington, D.C., with more than 
2,900 delegates from 137 countries 
participating. The conference com-
mitted to reach the world’s poorest  
families with microcredit. Later, 
the United Nations declared 2005 
the “International Year of Micro-
credit” and linked microcredit to 
the achievement of the Millen- 
nium Development Goals (MDGs), 
including reaching 175 million of the 
world’s poorest families with credit for 
self-employment and other finance 
and business services and helping to 
raise 100 million families above the 
US$ 1 a day threshold by 2015. In 
2006, Muhammad Yunus, the founder  
of the Grameen Bank, received the 
Nobel Peace Prize for his efforts to 
create economic and social develop-
ment from the bottom up, increasing 
microcredit’s visibility even further. 
Microcredit reached one hundred and 
fifty million individuals worldwide in 
2007 (Daley-Harris, 2009).
 Most microcredit programs state 
that their primary mission is to  
alleviate rural poverty by delivering 
credit and other financial services to 

poor households. Khandker (2005) 
found that microcredit reduced  
poverty in Bangladesh, as the poor bor-
rowed for income-generating activi-
ties, education and health, all of which 
significantly increased well-being. Mi-
crocredit resulted in local economic 
growth, as well. Microcredit programs, 
originally designed to serve the un-
banked poor, are important tools for  
poverty reduction.
 In Thailand, government has 
supported microcredit programs for 
more than 30 years. Most of the 
programs developed from communi-
ty-based credit schemes that focused 
on social capital in the community 
(Worakul, 2006). In 2001, the Thai 
Government created the Village and 
Urban Community Fund as part of 
its poverty alleviation policy. It is 
the largest government microcredit 
program in Thailand, with THB 1 
million allocated per village. 
 Empirical studies have shown 
the positive effects of microcre-
dit. For example, microcredit can 
raise household income and reduce  
poverty (Berhane & Gardebroek, 
2011; Nader, 2008; Khandker, 
2001) and can improve household  
consumption such as health and  
education (Coleman, 1999; Nader, 
2008). However, not everyone can 
or does access the programs, with 
considerable debate as to who really 
benefits – the poor or non-poor – 
from microcredit programs like the 
Village Fund. While many studies 
have shown that microcredit benefits 
poor households (Boonperm et al., 
2009; Khandker, 2005), some studies 
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argue that non-poor households and 
wealthier villagers are more likely to 
receive loans (Coleman, 2006; Li et 
al., 2011; Suriya, 2011). 
 This question – who benefits? 
– leads to the research questions in 
this study: What are the determinants 
of borrowers in the Village Fund? 
Are poor households included in the  
Village Fund program? The answer  
will help the Thai government  
improve the program to be more effec-
tive at reaching the poor and reducing  
poverty.

The Village and urban Community 
Fund in Thailand
 The Village and Urban Commu-
nity Fund, the largest government 
microcredit program in Thailand, 
has been operational since 2001. The 
Village Fund is a populist policy that 
has created political support for the 
Thai Rak Thai Party. The government 
revolutionized the local credit market 
by allocating THB 1 million (about 
USD 22,500 at the average exchange 
reat of USD 1 = THB 44.5 in 2001) 
per village to over 77,000 villages 
and urban communities throughout 
the country. The program is a semi- 
formal financial institution, and the 
second-largest microfinance program 
in the world (Boonperm et al., 2012), 
contributing approximately 1.5 per-
cent to Thai GDP in 2001 (Kaboski  
and Townsend, 2009). After the  
general election in 2011, the govern- 
ment increased the Village Fund  
allocation to THB 2 million (about 
$65,800 at the average exchange rate 
of USD 1 = THB 30.4 in 2011) per 

village. As a result, this program is 
highly important in credit markets, 
especially in rural areas and for people 
who cannot access formal financial 
services. 
 The Village and Urban Commu-
nity Fund operates under the philos-
ophy of values and wisdoms of local 
communities. The focus of the Village 
Fund program is on community em-
powerment and self-reliance, which is 
based on flexible and adjustable rules 
that meet the community’s needs. It 
links public, private and civil society 
to develop the rural economy through 
the credit market and awareness in 
local communities. The official objec-
tives of the Village Fund, according 
to the “Act of National Village and  
Urban Community Fund (B.E. 
2547)” of 2003, are as follows:  
 - Provide loan funds for invest-
ment, job creation, income generation,  
welfare improvement and expense 
reduction. 
 - Provide emergency funds. 
 - Provide deposit services for 
members. 
 - Supply loans to other village  
funds for economic and social streng- 
thening. 
 - Develop the rural economy. 
 The central regulation states that 
loans cannot exceed THB 20,000 per 
borrower (increased to THB 30,000 
in 2011). In some cases, this can be 
extended to THB 50,000 (increased 
to 75,000 in 2011). Emergency loans 
cannot exceed THB 10,000 (increased 
to 15,000 in 2011). The interest rate 
must not exceed 15 percent per year. 
The repayment has to be made within 
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one year (increased to two years in 
2008). Repayment must be guar-
anteed by at least two persons. A 
borrower will receive the money and 
repay the debt via the Bank for Agri-
culture and Agricultural Cooperatives 
(BAAC) or the Government Savings 
Bank (GSB). 
 The Village Fund is administered 
at two levels. First, at the national 
level, the National Committee of 
the Central Government, includ-
ing 76 provincial and 928 district 
sub-committees, oversees the Village 
Fund. Second, at the village level, 
local committees consist of 9 to 15 
members elected from villagers who 
have lived in the village for at least 
two years. Half of the local committee 
members must be women. The local 
committees establish the regulations, 
rules and procedures concerning the 
management of their own funds. The 
local committee also decides who 
receives the loans. The primary loan 
conditions include a member’s ability 
to repay, the purpose of borrowing 
and the loan size. The close relation-
ship between the local committee 
and its members reduces risk, because 
they know each other. In particular, 
the committee is able to identify the 
risk of each borrower and his or her 
ability to repay the loan (Boonperm 
et al., 2009; Kaboski & Townsend, 
2009; Menkhoff & Rungruxsirivorn, 
2011).

Determinants of microcredit bor-
rowers
 Previous empirical studies have 
analyzed the factors that affect house-

hold participation in microcredit. 
Households and individuals with 
similar characteristics – e.g., age, 
education, household size and in-
come – might have different levels 
of entrepreneurial spirit or ability. 
These may lead to a difference in 
probability to borrow. For exam-
ple, Evans et al. (1999) presented 
a conceptual framework of barriers 
to participation in the microcredit 
program in Bangladesh. Program- 
related barriers, such as membership 
requirements, and client-related bar-
riers, such as health, household size,  
dependency ratio, income and assets of 
households, were taken into account.  
The study found that determinants 
of borrowers were gender, education, 
household size and land ownership. 
Khandker (2001, 2005) examined 
determinants of participation in  
microfinance programs in Bangladesh; 
the results showed that resource-poor 
households, both in landholding and 
formal education, demand more loans 
from microfinance programs than 
resource-rich households. This means 
the landless households were likely to 
receive more loans from microfinance 
programs than landed households.
 In a study of financial exclusion 
in Canada, Simpson and Buckland 
(2009) concluded from Probit that 
unbanked households had lower in-
come, wealth and education. They 
were older, more likely to have a 
larger family with fewer earners and 
more likely to have a lone parent with 
children aged 5-17 years old. Blasio 
and Nuzzo (2010) used data from an 
Italian survey of household income 
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and wealth to identify determinants  
of social behavior. Their results  
suggested that age, sex, education, 
employment, home ownership and 
urban residence were determinants 
of participation in groups and asso-
ciations. 
 In addition, Li et al. (2011) con-
ducted an empirical study to inves-
tigate the accessibility to microcredit 
of rural households in China. The 
analysis, which was based on the 
Logit model, showed that the demo-
graphics and socio-economic charac-
teristics of rural household, such as 
income, dependency ratio, location 
of household, access to other credit 
sources and attitude towards debt, 
were determinants of the access to 
microcredit. Supply-side factors such 
as interest rate and loan processing 
time were also determinants. While 
they found that microcredit programs 
improved household income and 
consumption, the main beneficiaries 
in China were non-poor households. 
They also concluded that the signi- 
ficant impacts of microcredit on  
increasing household welfare did not 
necessarily mean that microcredit 
reduced poverty, since the programs 
did not target poor populations.
 In Thailand, Coleman (2006)  
investigated the determinants of 
village bank members in Northeast 
Thailand. He used a Logit model to 
analyze whether household charac-
teristics and credit worthiness scores 
influenced the decision to be mem-
bers, and found that credit worthi-
ness scores, value of land owned by 
women and female household heads 

were significant determinants. More-
over, results indicated that wealthier  
villagers are significantly more likely 
to participate than poorer ones. 
 In previous studies, Chando-
evwit and Ashakul (2008) and the 
World Bank (Boonperm et al., 2009) 
evaluated the Village Fund’s impact. 
They used household variables to 
construct the propensity score to 
match the non-participants with 
household characteristics similar 
to those who participated in the 
Village Fund. They included char-
acteristics of both the household 
head (including gender, age, status 
and education) and household (in-
cluding size, number of income 
earners, marital status, assets and 
main sources of household income). 
Menkhoff and Rungruxsirivorn 
(2011) compared characteristics of 
borrowers between the Village Fund 
and six other financial institutions 
in three provinces in Northeast 
Thailand using Multinomial Logit.  
They found that age, female house-
hold head, number of children, occu-
pation, income, assets, landholding, 
ratio of defaulted loan and loan char-
acteristics were determinants of the 
decision to choose the source of loans.
 According to the World Bank, the 
impact of Village Fund borrowing is 
strong for the poorest quintile and 
they categorize the Village Fund as 
pro-poor policy (Boonperm et al., 
2009). Suriya (2011) pointed out 
from the survey data of a village in 
northern Thailand that most of the 
poor households reached the loan 
limit because they did not payback 
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previous loans, making them ineligi-
ble for new credit. Only the richest or 
second richest quintiles of households 
in a village were capable of applying 
for microcredit. This current paper 
tries to answer who benefits from the 
Village Fund by including household 
head characteristics, demographics, 
socio-economic occupations, income 
and assets and other related factors as 
control variables to test the signifi- 
cance of the determinants of bor- 
rowers. It also includes a poverty  
index, poverty gap and interaction 
term of being poor without access to 
other credits as key testing variables to 
test the significance of the accessibility 
to the Village Fund by the poor house-
holds. The extent of poverty of this 
study follows the Foster-Greer-Thor-
becke (Foster et al., 1984) concept, 
which measures poverty as follows: 
 
 i. Poverty index: 

    
 ii. Poverty gap:

   
 
where I(.) is an indicator function 
that can be set to 1 if the bracketed 
expression is true, and 0 otherwise. yi 
is the average monthly consumption 
expenditure per capita, including 
food, beverages, tobacco and other 
good and services. Gi = (Z – yi).I(yi 
< Z) and Z are the poverty lines 
in 2009 (National Economic and  
Social Development Board of Thai-

land (NESDB), 2012). The decom-
position of the lines for particular 
provinces were calculated (Appendix 
A). 

MetHoDoLogy 
The Logit model
 Logit is frequently used for cases 
in which the dependent variable is 
binary. It assumes the logistic distri-
bution of the error term and provides 
a good estimator, which is both con-
sistent and efficient (Maddala, 1983;  
Li, et al., 2011). This paper chooses 
Logit over Probit because it is more 
convenient to read its coefficients as 
the log of odd ratio and easier to see 
the marginal effects (Suriya, 2011). 
In addition, when the sample size 
gets large, the results from Logit and 
Probit will be very close (Maddala, 
1983). 
 Logit is commonly used to exam-
ine household accessibility to credit (Li 
et al., 2011). The household chooses 
to borrow when utility of borrowing 
exceeds utility of not borrowing and 
their difference depends upon a vector 
of household characteristics (X). Let  
be the probability that a household 
chooses to borrow from the Village 
Fund, it can be written as:
       
 Pr(Y = 1) = f ( X ) (1)

 This paper uses the observed infor-
mation of household choice (borrow 
or not borrow) and household char-
acteristics to estimate the probability 
of the household choice, conditional 
on the household characteristics using 
the Logit model. The empirical model 
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can be expressed as follows (Maddala, 
1983):

(2)

 It is clear that the dependent 
variable, Y, is binary choice, with 
a borrower from the Village Fund 
program classified as one, otherwise 
it is zero. Explanatory variables, X, is 
a vector of household characteristics 
including household head character-
istics, demographics, socio-economics 
class, income and assets and other 
variables. 
 Equation (2) represents the cumu-
lative logistic distribution function in 
a non-linear form. For the purpose of 
interpretation, its coefficients can also 
be read as the log of odd ratio (Madd-
ala, 1983). With a transformation, 
the estimated model becomes a linear 
function of the explanatory variables, 
which is expressed as follows:
       
  (3)

where the parameters, , is a vector 
of coefficients for the explanatory 
variables. It will be estimated by max-
imum likelihood. 

Data collection
 The data in this study are from 
the Thailand Socioeconomic Survey  
in 2009 conducted by the National  
Statistical Office, Ministry of Infor- 
mation and Communication Tech-
nology. The survey interviewed 
43,844 households (both borrow-

er and non-borrower) throughout 
the country. Since 2009, the survey  
includes a section on Village Fund 
participation. The key question is, 
“During the previous year, did any 
household members have debt from 
the Village and Urban Commu- 
nity Fund?” This question allows for 
separating the data into borrowing 
households (one or more members 
having borrowed from the Fund) 
and non-borrowing households (no 
members borrowing from the Fund). 
The data were collected monthly. The 
survey collected a variety of house-
hold socio-economic data including 
detailed information on household 
income and expenditure. For this 
study, households with incomplete 
data were dropped, leaving a sample 
size of 41,296 households.

ReSuLtS 
Household characteristics
 Out of 41,296 samples, 9,827 
households borrowed from the Village 
Fund. The average loan size was THB 
16,148. The mean annual interest rate 
was 6.0 percent. Around 40 percent 
of borrowers used the loan for farm- 
related business. Only 17 percent 
used it for non-farm business. Six 
percent of borrowers used the loan for 
refinancing or house improvements. 
More than seven percent of borrowers 
were overdue on their repayments.
 Table 1 summarizes the house-
hold characteristics. A t-test deter-
mined whether the mean values of 
household variables between borrower 
and non-borrower were statistically  
different. Chi-square tested the  
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table 1. Characteristic of the respondents (borrower and non-borrower).
Non-borrower borrower All respondents Statistical

testcount % count % count %
Household head characteristics:
Age1

Sex
  Female
  Male
Education (years)1

Single
Married
Widowed/divorced/separated

50.60

11,115
20,354

8.16
3,586

20,977
6,906

35.3

64.7
11.4
66.7
21.9

52.30

2,876
6,951
5.84
206

7,860
1,761

29.3

70.7
2.1

80.0
17.9

51.01

13,991
27,305

7.60
3,792

28,837
8,667

33.9

66.1
9.2

69.8
21.0

t = -11.7**

χ2 = 122.5**

t = 55.2**
χ2 = 953.4**

Demographics:
Household size1 (persons)
Dependency ratio1

3.02
0.36

3.69
0.37

3.18
0.36

t = -36.3**
t = -0.4

Socio-economic occupations:
Landed farmers
Landless farmers
Fishery and agricultural 
services
Entrepreneurs
Professional & technical 
services
Farm and general workers
Other employees
Unemployed

2,536
440
436

7,701
4,686
1,070

9,103
5,497

8.1
1.4
1.4

24.5
14.9

3.4

28.9
17.5

2,280
695
200

2,070
555
402

2,265
1,360

23.2
7.1
2.0

21.1
5.7
4.1

23.1
13.8

4,861
1,135

636

9,771
5,241
1,472

11,368
6,857

11.7
2.7
1.5

23.7
12.7
3.6

27.5
16.6

χ2 = 3,100.0**

Income and assets:
Monthly income1 
(THB 1,000)
Land tenure
  Yes
  No
Home business
  Yes
  No
Number of motorcycles1

Number of cars1

24.82

21,888
9,581

6,791
24,678

1.08
0.49

69.5
30.5

21.6
78.4

17.36

9,189
638

2,293
7,534
1.40
0.36

93.5
6.5

23.3
76.7

23.05

31,077
10,219

9,084
32,212

1.16
0.46

75.3
24.7

22.0
78.0

t = 22.6**

χ2 = 2,300.0*

χ2 = 13.4**

t = -33.3**
t = 16.8**

Other variables:
Rural household
  Yes
  No

9,484
21,985

30.1
69.9

6,036
3,791

61.4
38.6

15,520
25,776

37.6
62.4

χ2 = 3,100.0**

Accessibility to other credit sources
  Yes
  No

14,081
17,388

44.8
55.2

6,580
3,247

67.0
33.0

20,661
20,635

50.0
50.0

χ2 = 1,500.0**

Difficulty getting emergency loans
  Yes
  No

5,298
26,171

16.9
83.1

2,019
7,808

20.5
79.5

7,317
33,979

17.7
82.3

χ2 = 70.7**

Total 31,469 9,827 41,296
Note: 1entry for mean values. ** and * represent significance level of 1% and 5%, respectively.
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relationships between the groups of 
household variables and the borrow-
ing. The t-test results were statistically 
significant at the 99 percent level, 
except for the dependency ratio. This 
demonstrates that the mean value of 
age of household head, household 
size and numbers of motorcycles in 
borrower households are significantly 
higher than non-borrower house-
holds. Education of household head, 
household monthly income and num-
bers of cars in borrower households 
have less mean value than that of 
non-borrower households. 
 Borrower households are strongly 
associated with women, marital status, 
socio-economic occupations, land 
tenure, home business, rural house-
hold, accessibility to other sources 
of credit and difficulty getting emer-
gency loans (chi-square tests on these 
variables significant at the 99% level). 
 Eighty percent of the borrowers 
and two-thirds of the non-borrowers 
were married. Just over two percent of 
the borrowers were single, much low-
er than for non-borrowers (11.4%). 
The chi-square test in Table 1 indi-
cates a strong association between 
borrowing and socio-economic oc-
cupations. Of the respondents, 27.5 
percent relied on employment in 
the commercial, service, production 
and construction sectors, while 23.7 
percent worked in the business, trade, 
industry and service sectors. For the 
agricultural sector, 15.9 percent of the 
respondents were engaged as landed 
farmers, landless farmers or fishery 
and agricultural services. The results 
also suggested that borrowers were 

more likely engaged in agriculture 
than non-borrowers (32.3% versus 
10.9%). Professional, technical and 
managerial services respondents were 
usually clients of formal financial 
institutions, with a higher ratio of 
non-borrowers (14.9%) than borrow-
ers (5.7%).
 Borrowers were more likely to 
own houses or land (93.5%). They 
also used their home for business 
purposes more than non-borrowers 
(23.3% versus 21.6%). However, 
non-borrowers had higher monthly 
income (THB 24.82 thousand per 
household) than borrowers (THB 
17.36 thousand per household).
 The majority of borrowers 
(61.4%) lived in rural areas while the 
majority of non-borrowers (69.9%) 
lived in urban areas. Borrowers had 
better access to alternative credit 
sources (67.0% versus 44.8%). For 
emergencies, borrowers had more  
difficulty accessing loans (20.5%  
versus 16.9%).

Determinants of borrowers of the 
Village Fund
 The testing variables for this study 
are the poverty index, poverty gap and 
an interaction term, which shows the 
poor households who cannot access 
other credit sources (microcredit’s  
target group). To avoid multicol-
linearity among the poverty index, 
poverty gap and their interaction, we 
use three models to test the different 
variables as shown in Table 2. The 
Logit model successfully predicted the 
probability of borrowers in all three 
models. It rejects the null hypothesis 
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Table 2. Logit estimates for household borrowing from the Village Fund.
Dependent variablea: Household borrowing during 2008
Independent variables Model 1 Model 2 Model 3
Testing variables:
Poverty index (poor)
Poverty gap
Poor and cannot access other credit sources

0.0062
(0.10) -0.2559 

(-0.96)
0.1097
(1.46)

Household head characteristics:
Age

Female

Education (in year)

Single

Widowed/divorced/separated

-0.0047**
(-3.58)
0.0792*
(2.39)

-0.0641**
(-13.35)

-0.9264**
(-11.90)

-0.2560**
(-6.39)

-0.0047**
(-3.58)
0.0787*
(2.38)

-0.0640**
(-13.33)

-0.9263**
(-11.90)

-0.2558**
(-6.39)

-0.0047**
(-3.59)
0.0798*
(2.41)

-0.0641**
(-13.35)

-0.9260**
(-11.90)

-0.2555**
(-6.38)

Demographics:
Household size (persons)

Dependency ratio

0.1298**
(12.21)

-0.4486**
(-8.87)

0.1325**
(12.57)

-0.4480**
(-8.86)

0.1276**
(12.34)

-0.4493**
(-8.88)

Socio-economic occupations:
Landless farmers

Fishery and agricultural services

Entrepreneurs

Professional and technical services

Farm and general workers

Other employees

Unemployed

0.5199**
(6.96)

-0.4971**
(-4.92)

-0.4583**
(-9.82)

-0.6482**
(-9.78)

-0.6791**
(-9.32)

-0.6135**
(-14.19)

-0.3489**
(-7.16)

0.5209**
(6.97)

-0.4938**
(-4.89)

-0.4622**
(-9.91)

-0.6504**
(-9.81)

-0.6814**
(-9.35)

-0.6172**
(-14.28)

-0.3508**
(-7.20)

0.5188**
(6.94)

-0.5011**
(-4.96)

-0.4552**
(-9.77)

-0.6471**
(-9.76)

-0.6770**
(-9.29)

-0.6103**
(-14.13)

-0.3473**
(-7.13)

Income and assets:
Monthly income (THB1,000)

Land tenure

Home business

Number of motorcycles

Number of cars

-0.0146**
(-7.00)

1.3330**
(27.24)

0.2503**
(7.11)

0.1495**
(8.86)

-0.1715**
(-5.85)

-0.0147**
(-7.07)

1.3338**
(27.26)

0.2505**
(7.11)

0.1469**
(8.70)

-0.1730**
(-5.89)

-0.0145**
(-7.03)

1.3325**
(27.23)

0.2505**
(7.11)

0.1515**
(9.00)

-0.1707**
(-5.80)
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Dependent variablea: Household borrowing during 2008
Independent variables Model 1 Model 2 Model 3
Other variables:
Rural household

Accessibility to other sources of credit

Difficulty getting an emergency loan

Constant

Pseudo R-squared
Log pseudo likelihood
Wald chi2 (23)
Total observations

0.7441**
(26.29)

0.9028**
(31.39)

0.2116**
(6.13)

-2.1516**
(-22.02)
0.1995

-18,139.6
6,325.7**

41,296

0.7435**
(26.28)

0.9012**
(31.34)

0.2127**
(6.16)

-2.1493**
(-22.00)
0.1995

-18,139.1
6,322.2**

41,296

0.7445**
(26.33)

0.9122**
(31.06)

0.2102**
(6.09)

-2.1588**
(-22.07)
0.1995

-18,138.5
6,331.5**

41,296
Note: aDependent variable equals 1 if household borrowed from the Village Fund, and 0 otherwise.  
Numbers in parenthesis indicate z-statistics. ** and * represent significance level of 1% and 5%,  
respectively.

that the parameters estimated in the 
model equal to zero at the 99 percent 
level of significance. It can be con-
cluded that the explanatory power 
of the Logit model is satisfactory and 
the model can explain the probability 
of borrowers.
 The primary goal of most microfi-
nance programs, including the Village 
Fund, is to alleviate rural poverty by 
delivering credit and other financial  
services to poor households. All three 
models showed that being poor was 
not a significant determinant for  
borrowing from the Village Fund 
(Table 2). The results indicated the 
failure of microcredit to include the 
poor, especially those who could not 
access other credit sources.
 For other borrower characteristics, 
the results showed that households 
with younger female heads were more 
likely to borrow. Less educated house-
hold heads were also more likely to 
borrow. The significant negative signs 
on marital status indicated that sin-
gle, widowed, divorced or separated 

household heads were less likely to 
borrow than married ones. In turn, a 
larger household with less dependency 
ratio was more likely to borrow from 
the Village Fund. 
 Dummy variables for household 
occupations concluded that farm- 
operating household tended to have 
a higher probability to be a borrower. 
The effect is more pronounced for 
landless households (rented the land).
The near poor households, the house-
holds with low income but above 
the poverty line, borrowed from the 
Village Fund. Assets of household 
assets were determinant for borrow-
ing. Home ownership increased the 
probability to borrow. Furthermore, 
households that used their home for 
business purposes were more likely  
to borrow. In terms of vehicle owner-
ship, households with a high number 
of motorcycles was more likely to 
borrow, while households with high 
number of cars was less likely to 
borrow.      
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table 3. The marginal effect of the Logit estimates for household borrowing. 
Dependent variable: Household borrowing during 2008
Independent variables Model 1 Model 2 Model 3
Testing variables:
Poverty index (poor)a

Poverty gapa
Poor and cannot access other credit sourcesa

0.0009 
(0.10) -0.0360 

(-0.96) 0.0160 
(1.41)

Household head characteristics:
Age

Femalea

Education (in year)

Singlea

Widowed/divorced/separateda

-0.0007**
(-3.58)
0.0112*
(2.37)

-0.0090**
(-13.15)

-0.1009**
(-16.29)

-0.0343**
(-6.73)

-0.0007**
(-3.58)
0.0112*
(2.36)

-0.0090**
(-13.13)

-0.1008**
(-16.28)

-0.0343**
(-6.72)

-0.0007**
(-3.59)
0.0113*
(2.39)

-0.0090**
(-13.16)

-0.1008**
(-16.28)

-0.0342**
(-6.71)

Demographics:
Household size (persons)

Dependency ratio

0.0183**
(12.37)

-0.0631**
(-8.93)

0.0186**
(12.74)

-0.0630**
(-8.91)

0.0179**
(12.47)

-0.0632**
(-8.94)

Socio-economic occupations:
Landless farmersa

Fishery and agricultural servicesa

Entrepreneursa

Professional and technical servicesa

Farm and general workersa

Other employeesa

Unemployeda

0.0853**
(6.09)

-0.0593**
(-5.89)

-0.0595**
(-10.56)

-0.0775**
(-11.41)

-0.0770**
(-11.85)

-0.0789**
(-15.25)

-0.0454**
(-7.70)

0.0855**
(6.10)

-0.0590**
(-5.85)

-0.0600**
(-10.66)

-0.0777**
(-11.45)

-0.0772**
(-11.90)

-0.0793**
(-15.35)

-0.0456**
(-7.74)

0.0851**
(6.07)

-0.0597**
(-5.96)

-0.0591**
(-10.50)

-0.0774**
(-11.38)

-0.0768**
(-11.80)

-0.0785**
(-15.18)

-0.0452**
(-7.66)

Income and assets:
Monthly income (THB1,000)

Land tenurea

Home businessa

Number of motorcycles

Number of cars

-0.0021**
(-7.19)

0.1514**
(35.50)

0.0369**
(6.80)

0.0210**
(8.86)

-0.0241**
(-5.78)

-0.0021**
(-7.26)

0.1514**
(35.51)

0.0369**
(6.81)

0.0207**
(8.71)

-0.0243**
(-5.81)

-0.0020**
(-7.21)

0.1513**
(35.49)

0.0369**
(6.81)

0.0213**
(9.01)

-0.0240**
(-5.73)
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 Rural households tended to be 
clients of the Village Fund. More-
over, households with access to other 
sources of credit, but difficulty getting 
emergency loans, were more likely to 
borrow. 
 Table 3 summarizes the marginal 
effect of the Logit model, providing 
the direct effect of the explanato-
ry variables on borrower household 
characteristics. For example, the mar-
ginal effect of age indicated that an 
increase in age of the household head 
decreased the probability of borrow-
ing by 0.07%. For each additional 
household member, the probability 
of borrowing increased by 1.83% on 
average. If a female household head, 
the probability increased 1.12% on 
average; if a landowner, 15.14%; if 
access to other credit sources, 12.80%; 
and if a rural household, 11.14%.

DISCuSSIoN  
 Non-poor households, especial-
ly near poor and moderate-income 
groups, accessed the Village Fund 
more than the poor households (as 
shown in Table 2). These findings 
confirm empirical evidence previ-
ously reported by Anuchitworawong 

(2007). Although some of the poor 
households reported that they chose 
not to borrow from the Village Fund, 
many others were excluded against 
their wishes because the committee or 
a personal guarantor felt they could 
not repay the debt.  
 The results showed that female 
borrowers, who the local commit-
tees felt were lower credit risks, had 
a higher chance of borrowing. The 
finding that single, widowed, divorced 
and separated household heads had a 
lower probability of borrowing from 
the Village Fund is consistent with 
Coleman (1999), who studied group 
lending in Thailand. Coleman (1999) 
argued that these categories were 
viewed as lacking credit worthiness 
and their households appeared un-
stable.
 Households with more members 
had a higher probability of borrowing 
from the Village Fund as they had 
more income sources and, as a result, 
are more capable of repaying debts. 
Households with a high dependency 
ratio tended to borrow less from the 
Village Fund. These households allo-
cated money to take care of children, 
the elderly and disabled, possibly 

Dependent variable: Household borrowing during 2008
Independent variables Model 1 Model 2 Model 3
Other variables:
Rural householda

Accessibility to other sources of credita

Difficulty getting an emergency loana

0.1114**
(24.42)

0.1276**
(31.41)

0.0311**
(5.85)

0.1113**
(24.42)

0.1274**
(31.36)

0.0313**
(5.88)

0.1114**
(24.48)

0.1289**
(31.03)

0.0309**
(5.81)

Note: ady/dx is for discrete change of dummy variable from 0 to 1. Numbers in parenthesis indicate  
z-statistics. ** and * represent significant level at 1% and 5%, respectively.
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affecting their ability to repay the 
loans. 
 Farmers were the primary borrow-
ers of the Village Fund. One explana-
tion is that rural farm households were 
familiar with the financial system,  
through loans offered by the Bank 
for Agriculture and Agricultural  
Cooperatives (BAAC). Moreover, 
other occupations had easier access to 
other financial services, such as bank 
and non-bank personal loans.    
 Although poor versus non-poor 
households was not a determinant 
for borrowing from the Village Fund, 
the results showed that near poor 
household, lower-income household 
with income above the poverty line, 
were more likely to be borrowers. As 
found by Menkhoff and Rungrux-
sirivorn (2011), the Village Fund 
reached lower income households, 
while commercial banks appeared to 
serve households with higher income.
 Home ownership was associated  
with Village Fund borrowing. 
This confirms the suggestion from 
Grameen Bank in Dowla (2006) that, 

...A house is like a factory build-
ing where all household-based 
production occurs and as such 
owning a house is an important 
input of production. 

 
 Households with higher number 
of motorcycles were more likely to 
borrow.
 Although the Village Fund loaned 
money throughout Thailand, rural 
households were more likely to bor-
row. Furthermore, accessibility to oth-
er formal, semi-formal and informal 
sources of financial institutions also 
increased the probability of borrow-
ing.
 Households that had difficulty 
getting an emergency loan were able 
to borrow from the Village Fund, 
achieving one of the Fund’s objectives.
 The principle of microcredit pro-
grams to fight against poverty focuses 
on providing loans to the poor. How-
ever, the Village Fund, the largest 
government microcredit program in 
Thailand, differs from those micro-
credit programs. The Fund does not 
claim to target the poor, but instead to 
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provide a new source of financing for 
rural and urban community members 
with limited or no access to other 
funding sources.
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APPeNDIx A
Decomposition of the provincial poverty line in 2009 

(unit: Baht/person/month)

Region/Province
Poverty line Region/Province Poverty line

urban Rural urban Rural
bangkok 2,135
Central
Nakhonpathom
Nonthaburi
Pathumthani
SamutPrakan
Samutsakhon
Chainat
Phranakhonsiayutthaya
Lopburi
Saraburi
Singburi
Angthong
Chanthaburi
Chachoengsao
Chonburi
Trat
Nakhonnayok
Prachinburi
Rayong
Sakaeo
Ratchaburi
Kanchanaburi
Suphanburi
Samutsongkhram
Phetchaburi
Prachuapkhirikhan

1,828
1,821
1,898
1,749
1,964
1,869
1,788
1,865
1,774
1,825
1,775
1,772
1,829
1,761
1,920
1,814
1,764
1,774
1,882
1,766
1,794
1,767
1,773
1,776
1,809
1,815

1,563
1,557
1,623
1,496
1,679
1,598
1,529
1,594
1,517
1,560
1,518
1,515
1,564
1,505
1,642
1,551
1,508
1,517
1,609
1,510
1,534
1,511
1,516
1,519
1,547
1,552

North
Chiangmai
Lamphun
Lampang
Uttaradit
Phrae
Nan
Phayao
Chiangrai
Maehongson
Nakhonsawan
Uthaithani
Kamphangphet
Tak
Sukhothai
Phitsanulok
Phichit
Phetchabun

1,602
1,667
1,631
1,645
1,578
1,614
1,618
1,634
1,621
1,607
1,556
1,585
1,549
1,562
1,591
1,593
1,571
1,555

1,452
1,511
1,478
1,491
1,430
1,463
1,467
1,481
1,470
1,457
1,410
1,436
1,404
1,416
1,442
1,444
1,424
1,409

Northeast
Nakhonratchasima
Buriram
Surin
Sisaket
Ubonratchathani
Yasothon
Chaiyaphum
Amnatcharoen
Nongbualamphu
Khonkaen
Udonthani
Loei
Nongkhai
Mahasarakham
Roiet
Kalasin
Sakonnakhon
Nakhonphanom
Mukdahan

1,558
1,540
1,551
1,550
1,538
1,555
1,575
1,572
1,556
1,539
1,610
1,538
1,555
1,565
1,542
1,571
1,569
1,569
1,557
1,572

1,454
1,437
1,447
1,446
1,435
1,451
1,470
1,467
1,452
1,436
1,502
1,435
1,451
1,461
1,439
1,466
1,464
1,464
1,453
1,467

South
Nakhonsithammarat
Krabi
Phangnga
Phuket
Suratthani
Ranong
Chumphon
Songkhla
Satun
Trang
Phatthalung
Pattani
Yala
Naratiwat

1,634
1,618
1,610
1,621
1,773
1,669
1,626
1,689
1,680
1,600
1,639
1,653
1,537
1,660
1,528

1,514
1,499
1,491
1,502
1,643
1,546
1,506
1,565
1,557
1,483
1,519
1,532
1,424
1,538
1,416

Note: Calculated from NESDB poverty line. 
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